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Ontology is a formal, explicit specification of a shared conceptualization
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s MirrorShip Powered by a StarRocks

Evolving into the Next-Generation Real-Time
Intelligent Platform for the Agent Era

The Bi-Directional Evolution: Empowering Al Applications and Being Reshaped by Al

Andy Chen, MirrorShip CTO



s Mirrorship

Today’s Agenda

0 Context: The AI/Agent era reshapes data system
requirements
. How StarRocks serves as the real-time data
@ Outward: ¢ ;ndation for Al/ Agent

. How Al/Agent powers StarRocks' own intelligence
@ Inward: and autonomy

. ., From analytics engine to self-evolving intelligent
@ Conclusion: data platform



~

Al and Agents are Reshaping
the Boundaries of Data Systems

Historically, data systems served reports, Bl, and offline analytics. Today, the primary requesters
are Large Models, Copilots, Business Agents, and Automated Workflows. We are no longer
just serving Human Analysts—we are serving Machine Decision-Makers.

/
/ﬂ/ R

aditional Datz : Al-Era Data System
. ;
_ ;
Target User Human Analysts P Models & Autonomous Agents j_,\:.\. |
Interaction Manual SQL > 4 _Natural Language & Tool Calling VG
_ Goal__\ Data Viewing & Reporting - o /;k Understanding, Judging & Acting (| ¢,
System Role | Analytical Engine ’ Intelligent System Base | 22 |




New Demands for Real-Time Analytics ;-
In the Agent Era

Introducing Al fundamentally changes workload patterns, capability

requirements,

and system governance.

Absolute Freshness

A, Second or sub-second data
freshness directly dictates

Agent decision quality.

NN

Diverse Queries

The rapid convergence of
structured, semi-structured,
text, and vector retrieval.

v
®

2. Multi-User Diversity

—
Concurrent usage by Bl users,
X{;?l Copilots, automated tasks, and
autonomous Agents.

y
"

Autonomous Systems

Traditional manual operations fail
under high concurrency, micro-
requests, and burst traffic.

The new era demands a more real-time, open, and intelligent platform.



s MirrorShip

Upgrading from Real-Time OLAP to
a Real-Time Intelligent Base

“StarRocks Is no longer just a faster

SQL Engine. It must become the

Real-Time Intelligent Data Platform
for the Al & Agent Era.”

Outward: Empowering Al & Agents. Inward: Utilizing Al & Agents to reshape Evolution: From Query Capabilities to
the core. Decision & Autonomous Capabilities.
Providing data and intelligence as a service to Integrating Al and agentic processes to optimize Shifting focus from analytical results to direct support

external Al models, agents, and automated Internal system operations, query execution, and for automated decision-making and autonomous
workflows. self-management. actions.



s MirrorShip

The Bi-Directional Evolution Path

StarRocks Agents Empowering
Empowering Agents StarRocks

- Real-Time Data Ingestion , .
Intelligent Optimization

& Analysis
Semantic & Metric Layers StarRocks Intelligent O&M

- Open Agent Interfaces Intelligent Inspection
Unified Structure + Text + QA & Expert Copilot
Vector Analytics Progression from Advice to
Cloud-Native Elasticity & Autonomous Closed Loop
Governance '-

This is a bi-directional enhancement, not a one-way support relationship.



Autonomous Decisions Demand
Absolute Data Freshness

For Agents, data value isn't about mere existence—it's dictated by freshness.
A few minutes of delay renders data useless for real-time risk control,
recommendations, and operational automation.

Data Speedway
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Al Agents
Log Streams <

Real-Time
Analytical Engine

Key Capabilities

» Strengthened ingestion for CDC,
Kafka, and changelogs.

Unified consumption of
Lakehouse incremental data.

> Write-and-query, incremental
visibility, and ultra-low latency.

Directly supporting real-time
marketing, risk control, and
recommendations.

Without high-freshness data, there are no high-quality real-time Agents.



Agents Require Unified Data

Freshness and Consistency

Decision chains do not care if data originates from streams, batches, or a Lakehouse.
An Agent only cares if the data is complete, credible, and actionable.

Stream Data

Single Source

of Truth
Batch Data
Column 1 Column 2 Column 3
Unified query experience Seamless integration of real-time _~ Eliminating the complexity and
across streaming and batch . granular details with massive inconsistency risks of
data. historical datasets. multi-pipeline stitching.

Unifying stream and batch is no longer just an architectural debate;
it is fundamentally an issue of data credibility in the Al era.



Transitioning from Queryable Tables
to Understandable Semantics

Understanding raw schemas is difficult for human engineers;
for Models and Agents, the real hurdle isn't accessing the table,

Business Entities

it's understanding the business logic behind it. RS St
syezs Metric Layers &
Key Capabilities Unified Definitions

- Constructing robust metric layers, semantic layers,

and unified definitions. Semantic Filter

» Providing clearer metadata, data lineage, tagging,
and annotation systems.

Enhancing the explainability and reusability of
data objects.

Helping Agents instantly answer: What is this field?
How is this calculated?

The future of competition lies not just in query
performance, but in semantic delivery capabilities.

s MirrorShip

Al-readable
semantics

Data Lineage &
Annotation

Explainable
Data Objects

Raw Schema



Redesigning Interfaces for Non-Human Users

When the user base expands from analysts to LLMs, Copilots, and Autonomous Agents,
legacy JDBC and SQL are insufficient for Agentic calling patterns.

Human Interface (JDBC/SQL) Agentic Interfaces (API/Tool Calling)
Z LLMs e ~ | Copilots
//,/ Feedback
&= “r Oy Y o 7
ﬂ> | = "'.:::‘} API Tool ”%w’ :"-' — / "" “@\‘ﬁ Tool

A Call interaction Interaction

Database - T N %0, [Automated
.Cop llots Vs i o ‘Workflows
Result
Key Capabilities
- Comprehensive schema and metadata exposure. - API-driven, tool-ready, and function-calling query services.
» Closed-loop support for SQL generation, validation, and - Context awareness and result-reuse across multi-turn tasks.

error correction.

An Agent-oriented database isn’t just queryable—it must be
inherently understandable, tunable, and controllable.




The Future of Analytics Blends
Structure, Text, and Vectors

Al workloads are increasingly hybrid. Structured metrics, text snippets, embeddings, and

behavioral logs must be jointly analyzed and filtered within a single pipeline.
Layered Architectural Stack

R S o Q
] ~ -4

Ar ) o P

.:. ol - :_i ; OIQ’IO/“}];'

E =19 | =) ‘d =

Structured Text Vector
Data Documents Embeddings

Unified Analytical Engine

4

RAG & Intelligent Applications

The system that best handles hybrid data becomes the
definitive foundation for Al-native applications.

- Deep fusion of structured
analytics with text retrieval.

- Seamless integration of
vector similarity search with
scalar filtering.

- Native support for RAG,
intelligent search, and
knowledge ops.

- Drastically reducing latency
and complexity caused by
stitching disparate systems.



SMirrorShip
Agent-Driven Workloads Amplify Elasticity and Governance Needs

Agents don't just bring more requests; they bring automated, bursty, and long-chain execution patterns. Resource
governance, cost control, and security auditing become paramount.

Aggressive cloud-native elastic

Dashboard & Shield scaling capabilities.
/4

c R Fine-grained resource isolation
. QA ) - and strict guota controls.
: ‘ /4
')
// / ) Rigorous permission controls,
Q multi-tenant auditing, and
PO security perimeters.
N /
o :
| Machine-oriented rate limiting,
@ 7 circuit breaking, and
¢~ self-protection mechanisms.
/4

In the Al era, raw performance must be matched by ironclad governance.



Empowering Al is Only Phase One

If StarRocks only enables Al, it remains merely a system that serves Al.

The true next-generation differentiator is bringing Al inward—making

Agents active participants in StarRocks’ own optimization, operations,
and autonomous evolution.

We are making Agents a fundamental
capability of the database itself.



SMirrorShip
Shifting from Manual Tuning to Autonomous Optimization

Database tuning heavily relies on scarce expert intuition. In increasingly complex workloads, manual experience
cannot sustain optimal performance. Agents introduce workload-aware, autonomous optimization.

Key Capabilities

1 Auto-recommending partitions,
indexes, Sort Keys, and Buckets.

S by | 2 |Intelligently identifying
b & =N & (@))a opportunities to build
\N— 4 & — Materialized Views.
SR TR 5N\ 3 Automated SQL diagnostics and
LA o e /) dynamic rewrite suggestions.

4 Reinforcing Optimizer decisions
based on historical workload
analysis.

The core value of intelligent optimization is a system
that deeply understands its own query workloads.



SMirrorShip
Shifting from Reactive Response to Proactive Governance

Traditional O&M relies on "troubleshoot after failure”. The complexity and velocity of the Al era demand a pivot to
proactive governance and pre-emptive intervention.

Key Capabilities

1 Automatically identifying hotspots, data
skew, resource contention, and slow nodes.

Fusing logs, metrics, traces, and profiles for
instant root-cause analysis.

2

Auto-generating scaling, parameter tuning, ®
3 and capacity planning suggestions via a
dedicated DBA Copilot.

Intelligent O&M does not replace engineers;
it acts as a multiplier for their capabilities.
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Evolving from Rule-Driven to Model-Driven Inspection

Many system inspections remain trapped in static thresholds and rigid rules. True systemic risks stem from
subtle trend shifts, pattern anomalies, and multi-factor stacking—areas where Agents excel.

Rule-Driven Model-Driven

Trend & Pattern Anomaly Detection

Static Threshold
/\/' o/\
Key Capabilities
/x24 intelligent inspection of query latency, . |dentifying anomalous trends rather than just threshold

breaches.
Auto-generating inspection reports, risk ratings, and

The future of inspection relies on enhanced targeted remediation advice.
contextual understanding, not just more rules. * Consolidating findings into reusable Inspection Agents.

ingestion pileups, and load volatility.



Converting System Knowledge into

On-Demand Expert Capabilities

Optimization, O&M, and inspection rely on vast amounts of tacit knowledge. Agents and Copilots make this
knowledge explicit, tool-ready, and reusable, scaling platform capabilities beyond a few experts.

(

}

{

}

tosname": “inpctn’
uooaw": nnnestn‘
"otenes™: |

1
!y

{

“kan2": “expact”,

"key": "string"®,
“naties": (]

11,

“ganunt": “query",

"key": "array"

}

“gsezeeolot": {

}

“eoont”: “conset",
*euspast”: "[]

{

>_ Interactive Terminal

Output: Based on log analysis, the query latency spike
Is due to high lock contention on table 'orders’ and
resource exhaustion on node 'db-03.,

Recommended action: Optimize query plans and
consider scaling node db-03.

“nauoe”: "confsn®,
“keytame": “scoucss”,
“schema™: {
“keytype": “arraoy”,
“"arrays": [
{
"nameg": true,
"keyccode”: “nesust",
“tstring™: [1)

we”: "arrey”,
we8®: “2025-10-11 12:51:32:33"

/

alerting = “alerting”
nixamd = null
inzyand = fals

tf (('alerting >= 1") {
const scnods = alert.atnnsvenssr}
count.code.Zteenicol.ectoltertaction.5o

if (l(seco:alering I> 3)) $:
cnable.neds,.crohtoseraiozing node lo
Ketun coe
end

return true

}

1

Key Capabilities

A dedicated Knowledge QA
Assistant for DBAS, developers,

' and operations.

Unifying query logs, system
metrics, alerts, and docs into a

' single interactive layer.

Drastically lowering the barrier

' to entry for troubleshooting.

Transforming individual expert
best practices into platform-wide

H capabilities.



The Ultimate Goal is an Autonomous
Closed Loop, Not Just Advice

True intelligence isn't just a system offering a recommendation. It is a system forming an explainable,

controllable, traceable, and continuously learning closed loop.

1. Discover 2. Diagnose
Problem & Attribute
6. Measure Autonomous 3. Generate
Effect & Learn Flywheel Suggestion
5. Execute "\ J </ a7 4. Simulate

(Auto/Manual) N\ _— Impact

Evolutionary Path

Early Phase:
Human-in-the-loop
semi-automated cycles.

Mid Phase: Automated
execution in low-risk
scenarios.

Long-Term Vision: A fully
autonomous system
operating within governable
bounds.



8 MirrorShip

Next-Generation StarRocks:
Not Just Faster, But Smarter

/4

Outwardly: Serving as
the definitive real-time
data base for Al and
Agents.

to achieve autonomous
optimization, operations,

Inwardly: Leveraging Agents
and inspection.

In the past, real-time analytics solved the problem of
“seeing fast.” Today, it must solve the problem of
“understanding, judging, tuning, and acting fast.”

The future of StarRocks is not just to serve Al—it is to grow into a real-time intelligent analytical system continuously driven by Al.
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2020/07

SOC2 Type | and

2022/05

Personal Information Management System

B2 IRIEEHAE —— Us/ EU/ P/ KR/ IN

2021/06 2021/07

Start planning ePrivacy Seal in September
2020 and pass it in June 2021

Internationally recognized information
security management system

* X

* *
+ @ » GDPR

RAL DA] ROTECT! REGULA

* 4 *

2023/03

2022/09

Financial Industry Information Security
Standards

Personal Health Data Protection Regulations
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@ drive9

Features CLI SDK Security

Network drive
with semantic search

A unified filesystem-like interface for Al agents. Store, retrieve, and search

with automatic embedding and full-text indexing. Use familiar commands

like a local drive.

$ curl -fsSL https://drive9.ai/install.sh | sh

Al Agents

Read https://drive9.ai/skill.md and follow instructions

Contact



NEW - TiDB Cloud Zero Public Preview is live. Instant database, zero sign-up.

1+ TIDB Cloud Zero Journeys CLI API Demo FAQ

-- VECTOR SEARCH ENABLED --

FOR HUMAN FOR AGENT COPY

Database Built :

# For Human

f O r Ag e n t S . curl =X POST https://zero.tidbapi.com/vlbetal/instances

Zero sign-up, zero config.

Provision a disposable MySQL-compatible database for AI agents,
MCP servers, and RAG prototypes with vector and full-text search
in milliseconds.

TRY IN BROWSER CLI QUICKSTART AIE S RORTOF SYOUr. ap- Sy
Expected: 288 0K

AI Ready Full MySQL Disposable

Vector + relational in one store. Joins, transactions, and standard 30-day lifespan for demos and Provision in milliseconds, no cold
SQL. starts.

POPULAR SEARCH JOURNEYS

AI Agent Memory Database - Database for MCP Servers -

Store agent state, user preferences, tool outputs, and searchable memory in Provision a low-friction MySQL backend for MCP tools, protocol demos, and
one disposable SQL backend. per-session state.

Serverless MySQL for RAG - Temporary Database Workflows -

Use MySQL-compatible SQL with vector search and full-text search for Browse demos, tutorials, evaluation flows, and API-first sandboxes built
retrieval-heavy prototypes. around disposable databases.

CLI QUICKSTART

Provision a temporary MySQL-compatible database via API, then connect and run one SQL query using curl, jq, and mysgl.

Step 1. Create an Instance

curl -=s =X POST https://zero.tidbapi.com/vlbetal/instances \
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RECAP

X B R F R ESL R

NL2SQL
SFT RAG Dity
Prompt Engineering

NL2SQL easy?

Pre-Processing
- Schema Linking: #35 [e) @& HEXIER
MFER
- Database Content Retrieval: £l 5 [o]§%
B REEEEPREE
- Additional Information Acquisition: 5|g]
A KAVl S5 EDIR
NL2SQL Translation Methods
- Encoding Strategy
- Decoding Strategy
- Task-specific Prompt Strategy: 12 /~139)
Tiz
- Intermediate Representation for

NL2SQL Translation )
Post-Processing

- SQL Correction Strategies

- Output Consistency: 2 ZRE HEH
ZR

- Execution-Guided Strategies: LAU1T
MERIEN RIGRIELESq

- N-best Rankers Strategies

AskTabIg

A

@ NL Query 6 Database

Pre-Processing (Optional)

Schema Database Content Additional Information
Linking Retrieval Acquisition
= = Studen (:
L ? Name t:ge : ? 6

Name g
6 16-year-old 16 D

NL2SQL Translation Methods

Encoding  gequential Encoding Graph-based Encoding ...
Strategy

Encoder
Backbone N Encoder-Only Decoder-Only <::|

Model

Decoding
Strategy Beam Search Constraint-aware Incremental Decoding -

Task-specific Prompt Strategy
Intermediate Representation

Post-Pmcass+ng (Optional)

Correction Consistency Execution-Guided N-best Rerankers
:[}J 0
= - ~
[B_) 7 @ - {J D - (_E% a_) @_)
Correction Vote @ SQL Execution D’ Rank
________________ J; e e e e e e e e m = 4
[ sotouery

http://arxiv.org/abs/2408.05109
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NL2SQL
SFT RAG Dity
Prompt Engineering

AskTabIg

NL2SQL easy? _— ‘“gm

Pre-Processing (Optional)

Pre-Pro CESSi n g . . : Schema Database Content Additional !n_fc_;rrnalion

- Schema Linking: #¢2| 5 e & EXE | Linking _ Retrieval Acquisition
Data-Agent
EFATE): 2025-12-29 15:23:52 O E#AMDEN | ~RiFE | @ FKAOWE

Data-Agent 2 PolarDB for Al iz ({0 —REHNIET A EEE S, RE|EMIRR ., FIEL BRI ARH BN EERINEE.

THEETEI 1T

4Rk
» NLSQL_Summary —p RBELE

f

Rk &if 357
FAFEE —» NL2SQL —p SqQLifag ——» HBEER » NL2Chart ——p BlIiR&®
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EFHE T Agent

RLHF
Agentic Loop
Context Engineering

I
1
]
i
| Vv
]
1 I
I ' Tool '
' 1 ]
: g ' ! [
: I | Message history ] £ . g .§< ______ '
1 l - V ]
l- _ -x ------

AskTabIg

Prompt engineering vs. context engineering

Prompt engineering Context engineering for agents
for single turn queries

Context window Possible context to give model Context window
I [ i ' I 1
! System prompt ' | Docﬁ Docﬁ Docﬁ 1 ‘ System prompt |——
Vv 1 I v
' g N [ | . N
. | User message ' , | Tool Tool Tool . i1 | Doc 1ﬁ Doc 2 |—— Assistant
V : ) = . 1 Curation : ' message
Assistant V[ ! : | ] = '
M fil S
:_> % [ message ] : ! bsia ) L =0 ] '—) : L D e J ; §
1
' | y | s 4 [ Tool call ]
; ' Comprehensive . 1 | Tool 1 Tool 2
: | instructions , '\ I
1 I
! User message
I Domain knowledge v

: I
I 1 I , ]
Gt _ | ' | Message history }—'—‘
1 | Memory file Docﬁ , A !
I \ ' 1 I

' : :

{ Tool result ]—’

https://www.anthropic.com/engineering/effectiv
e-context-engineering-for-ai-agents
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Prompt engineering vs. context engineering

EFHE T Agent

Prompt engineering Context engineering for agents
for single turn queries

Context window Possible context to give model Context window

-------------------------------------

: System prompt : : Docﬁ Docﬁ Docﬁ E : System prompt —:—\
! 1% : £ A | ' V !
R L H F ' | User message ) . | Tool | | Tool ] [ Tool ] : . 1ﬁ Doc 25% [ ]
| V : _ ! : : £ ] 1 Curation : : 3 : message
A to L : :% %@_) [ Qsessl::;:t ] : : Tool | Memory file —): i | Memory file ——> %{
gen IC OOp : | B S — : F 7 | Toot call |
CO nteXt E ngl n ee rl ng # +ableau TableauMCP Documentation

Assistant

Tableau MCP

Tableau's official MCP Server. Helping Agents see and understand data.
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< DataAgent < DE MITEMHFE X
=1 EHi9HE Agent IETEHLT...

® BERR v

’L 3 oL EEIERHIITSQLIEN EIE m—
£ ELI] % l Age nt AH, AR, ST BRI FHAMTES: TSR DREMESR (D 3887801) h, B

£ HIANE30EEERE R E— 1R Z B RS BENHEAE, BIE—"RXSEMNBE., LWEBBFEES T
118 execute_one_sql T H, EEIESFRSIAMEIER (RID 3887891) F R5H LE=TREBEDRANRBEIEURS LR,

i EAE BIE—TR5EEH), HIIEBA30AMESERE (2025-04-21F2025-05-
20) REESMERS HEAIE.
HIR2: REGA30 B HIBEMR BiLERE

soL  IRFEIERHARNITSQLIEOEWEIE B
2.1FH execute_one_sql T B, % X5 A HH, BEiFA30HESHN BB .
ToESH | EFEPAE | BFANERERTESAE. S/VE, HEERETHIFR: TIEFRSAMBIER (RID 3887891)
&) GRAM, E)E—1R5ENEE.
RLI I F S S A T, RS ERNRAE, ML RSANEAH. LWABHET
FEEPT E— TR AED QENRZBIRUNRS LERHARLE.

3.118H execute_one_sql T B, RN LE—1"RSHE MEHSLE B RBE2H . R
SEEH (ZKH\H1E)O BETFE: True

°
Age n tl C LO O p 3.2 M execute_one_sql T B, R E—TRSAERHE7RNE MESAS B X5

Bem . xBEEH  (LHE).

< O ntext E n i n ee ri n 3.3 @M code_interpreter TH, EFAHEM FBEITEED/ATINFHE KRR R
g g mE (FRRMEAR), HEMRRBRTER.

saL ERFHBIRRHANITSQLIETE IR EERT
SIRA: DIERRBPER
BRAEEAKSQLA. ..

4.1 execute_one_sql T B, & BRERM »4H, EFA30H 25285 fl 52

4, BEisEATIERE., SWT: EIASSRENIES (XD 3887801) &, BHZS

4.2 R execute_one_sql T A, & Fi@ET 24H, EWE30AEREFNE HEARAE, BlE—1M RS HNAEER, LHBBFEE S LE—
(count(distinct [FBFID])), BF&Hmm o miHE., RH5ABED RINRGEBUARS EBBEAXLE,

4.3 execute_one_sql T B, & \H&KkF o4, EA30HERXREFHE
(count(distinct [FAF°ID])), BFEHIAEKFEDHHE.

KB ABSZRERISM

BB SRR EERTES,




AskTabIg
RECAP

F#IEFBIOpenClaw

G EE ]

Okt

I Ur30K £

200M

160M

| 3H10H

openclaw 165,664,539

4/17 6/10 8/3 9/26 M1/19 112  3/7 4/16




RECAP

data-analysis

INSTALLATION
npx skills add https://github.com/supercent-io/skills-template --skill data-analysis [g

SUMMARY

Dataset exploration, cleaning, statistical analysis, and visualization in Python or SQL.

e Supports CSV, JSON, and SQL data sources with pandas DataFrames and direct database queries

e Covers the full analysis pipeline: data loading, missing value handling, outlier detection, grouping, correlation

analysis, and pivot tables

e |ncludes visualization templates for histograms, boxplots, heatmaps, and time series using matplotlib and

seaborn

e Generates structured markdown reports with dataset overview, key findings, statistical summaries, and

actionable recommendations

SKILL.md

Data Analysis

WEEKLY INSTALLS

13.8K

REPOSITORY

supercent-io/sk..template

GITHUB STARS
vv 88

FIRST SEEN
Jan 24, 2026

SECURITY AUDITS

Gen Agent Trust Hub
Socket

Snyk

AskTable

fhE: “AFIamBEREHER? (L) ——OpenClaw (JRClawdbot... & O

zhuanlan.zhihu.com > p > 2010119008783987145
3.3 #E R 1. OpenClawiEIERER/SANIREIHEE: AFPBA-BEERT-ESIY-PIT-ERKR
R, BRESESEREARFRING ., 1ZRIZERALobsterzH ...

[CDAT55] OpenClawfRIBZRZIE, 370 H SRBIRELIE D!

2026 F4), —F#FAOpenClaw (BFR J\ELF) BNAITEXT ., MR EERHEZIXIChatGPTAE,
OpenClaw# & X AT AAIEBEIRIITIM K — —EREE IR RIFIRAVE N, HATXHEE, #HEER. M

()[36”1(:4E1VV rEFEkF*ff — 7 \Jﬂiﬁﬂ:{ﬂz11‘12x?%§$ﬁ§§i?fﬁf5ﬁl

Mar 5, 2026 RREREE: E/NEIFSREELSRSEELE, fIAManus ERgE X3, EEEERAFPHZH
BOE, RERFPIXGE, BETHEIEEEIR, SEEAMEML ...

LR NIBETFEE EAlSSRAN: ™D SKILL ifk OpenClaw &£ EEFAE O

cloud.tencent.com >developer>article > 2642968

T HIRE EFNRIFBIR O TR, #iJAloudata CANIEX B BREF IS AR S, XIFERIESIE
o], BopERHTMUIRS, REHELI. R%ﬁ? E54 NMERFIS8 M, 1R {Emetric-queryFlmetric-attribution
FTSKILL, Bl EBEESIIREIZH, THRSSQLANFERENEE W SIHE...

KIFEMBY“ IR OpenClaw, ZFlEREFTAKK? —BXERIRIRAR

Mar 9, 2026 =. XR"BIFEEMITA? OpenClawdge 124l . B /. Bt BZWHEFE. Bl
MG, EEHB. HMEMIMEN. BEEXE. MEBUED .
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B DRBOUZENSG—RXIEIRIE X ERE X 1Y - (Open Semantic
Interchange)

R EIRFME « IEEES—HNENX - RASQLIBZEAREFAETE/NT (
SQL:1999)

YWAgentE ST ARBENHIBROE, KMEEZXZWXNAZIHRISDK,
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Interchange)

R X BRI ~ B

SQL:1999)

WAgentE ST RN ENBFEIROE, KEEE
RAEAELENIR, XNAgentA BHISQLAI AT RIEBHIERES - B[R
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SABAHENRLR—THERE

ONETER==R Sl PORFS

YWiE NAZ OB Table Artifact

[ f&x—: HEITRIAE (15000%)

SEUTRE:
£ #8
T8 [iTeEE THEAER
Reaan . E HEEHE EPRE | EFE | EP2E EF#E
S BEMRS O GELE 0 SEAN
wER AEA
THEH ) ELREN  EAELT ST
” TTHRS B 2L B RE | ERA
| J I 3EERITEN 16958, SHBEIMTS, BERTNS000%, WESHEBLESMTSE (METLS
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swR T o s 5000 1388
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16,000 6K 27800.58B
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R oA i 0 26592158
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X oo

HF R B SR E & B 7 S R 4 EF¥REFPEMBEICS
$HRET HEREA EXHRWA MRREAH  YREH MREE FMAD SESE 00 CXHRE MR

26M
Ele el 52964329.29 32729604.04 8676207.25 FHE¥R 2023 IRAIFE 3070221.47 2500628.7  848¢
ERIEHR 52071427.69 26531276.76 8738598.38 #EFR 2023 FEME 1191032.45 2301126.42 343: 13M
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RIS B A HE IR 25 BE A

@datamini/asktable-cli

©.0.6 ¢ Public e« Published 4 days ago

RTREHMEIE Excel/csv !
BEATEKNERRERRRNFMI¥E.
ID,E:, s06L.. [ 11\;“@254\% G EMTR T 20 XM Read 1 file (ctrl+o to expand)
desaste i ' @ Readme
03 MIEEE [ x@EE Diss L wus PHER! EARAIBTRHOAESHRITRI, EAgentk I 7 K& SQLMHK £ 0] &4 :
-BMER: 100 (FEREBARMCE., ClickHouseF = REB. 22X HREF)
Mgy & ES M - 2026-03-28 14:55:15 - ER: 11 (SQLE=E K1)
LI \ 0B A CAPTIRE BB S R IR0, U BAIX LK B A0 7 B 3% XY LMY API
B9 Sheetf ARER & AR RER F02613[28 1erbaa payload (¥ ERSALEEAMMBIE, FTRFRETEH) . LRBEBEEAYL apply
wLHEM,
2RAM & BIBERNE FEF 2026/3/28 14:54:44
Read 1 file (ctrl+o to expand)
R & F6H *EH 2026/3/28 14:54:44
Bash(cat /private/tmp/at-tuner-test/tuning-report.json | python3 -c "import
=5 & =5 *EH 2026/3/28 14:54:44 jsc.m,sys; data=json.load(sys.stdin?; .
— print{json.dunpe{data.get( ‘suggestions’, [1I1:2], dn-)
A & Bty FEA 2026/3/28 14:54:44 L[ g
"category": "sql_quality"
A= & AR © o e e . +25 lings \(lctrl+g :g expa!dg
#ia & &t © FEH CORL RS AL A BEINTHA, »HPBRERMNBINZSQLBIEXLR ( ¥
%) , B apply f<HENE " <
i € W © o FiEA 2026/3/28 14:54:44 KR XEBNLTEEEBIAPINE.
DA & DA Qo KEFA 2026/3/28 14:54:44 XELMP B BMe] ABTFEREEERHKBR—LLWILATIANE
EHEEXRR, EFHREEBE, ILKMBX analyze
17 & FREN C QX KA 2026/3/28 14:54:44 PR, TEERERNATINAZNER.
FEI] & FHi7 | @XC *EMA 2026/3/28 14:54:44 Read 1 file (ctrl+o to expand)
B A E T - analyze HRAE prompt FE KR [E
it = L il 2026/3/28 14:54:44 (B, B8 AI X LERET FEEEXEE, MB prompt
K, &FIL Al RHEKRNFERETEIN.
ILHEEE analyze ¥ B, EERiL Al ETRIMNOBERTRAITHNFERZEITEME N,
Read 1 file (ctrl+o to expand)
BET. ILBES analyze SR}, L Al EEERTNAN / /
BN, XBREEIL Al RIFTEEMMEFENRTE.
Actioning.. (8m 24s - { 1.4k tokens - thought for 4s)
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FOREE + I
<F: empty
' R A RROREE
ABGIt BRI 18 17 KBY
BERAHHESN BTOS RR/ATEES
Do EXXEESARSD . BOBBHNT.. S LU L
12 R
a D
23
empty n&
: = ; 1 EHY , ] ﬁ%:\ ] %'—Hc
g LR ELREN, XRABSFREEAT
7 8 WRARERAEES
\ y
2 ERMIDE o4
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5115
ERTEANES, B ERERRTAE

& e T
BIREEER > BREESWEIFE

AB E&HEQ*&E’J¥ / =4

RSB ST MAAR (7]i%)

I XX

FOOCER SI32 R ) 2 KB
12 KA
B ¥ER 4 HEE Oiclk

7~ .

empty

B4 PR e EEHECE

17 KBi
\_

<> Python 2R 2% Lt SETIE (A

EBRAITESH BIETHR, SitHFE SQL BIARIAMIRIE HEWEREZAIMAER

S & S RA T4

B, HEQRET ———"
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5115
ERTEANES, B ERERRTAE

£ RsE -
WIESEER > BREESWEF

AB it RBEIE DT BN F Gaﬁm% / R

REFSITHERS WAfER (FiE) s 7 2/l .

i%A&XXQ’EET R @data agent XEBZ /M IMAF? o

E[l]
B HERE 4 g @itk @1 £EE

4 ——

empty

e F B R AE HEHEE e data agent #l#A | connector for asktable data agent
\ 1A € FER: @data agent XEFZNTIMAF,?

Python 21223
<> * K =3 .
st 3k A4 ul *AEEMAFE:

EBANTE S BIREMR, FitoE SQL MUARIANIRIE

e FAHEENAE—ES ('deleted_at IS NULL' HiFS T EMIRIKS)

. C)mFﬁﬁ

AR E BRI RIA WMRIMFEH—T TR, tbu:
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Prompt Request{{&Pull
Request

o0
g8 Dashboard
@ History
Works
@ asktable-repo
Brasilia v3
Memory module
Data agent daily report
® Chart node spec
Excel processing k -1.1k
> We irch +567 -117
° Feishu ws gateway +3.1k -11
@ asktable-data-engine
@ aiproxy

¥° Multi protocol model

B frail

 frei-l/brasilia-v3 > origin/main

3 Untitled

You're in a new copy of asktable-xrepo called brasilia-v3

Bra i frei-1/brasilia-v3 from origin/main

brasilia-

¥ Opus 47 (I} Thinking [

AskTable

® /brasilia-v3

Next unread >

All files

.agents
.claude
.codex
.context
.github
cli
deploy
docs
scripts
server
web
.env

1 .env.e2e

Setup W Run Termi... @ Open :5

file appendonly.aof.l.incr.aof on server start
at-redis-1 1:M 17 Apr 2026 11:23:37.226 * Ready to accept
connections tcp

atbox | AT-Server running on http://localhost:5300
atbox | - Python executor: POST /python/executor, POST /pyth
on/executor/{id}/code
atbox | - 15X transformer: POST /babel or /jsx
atbox | - Chart renderer: POST /chart/render
web | VITE v7 ] 1803 ms
web |
web | + Local:
web |
web |
at-redis-1 1:M 17 Apr 2026 11:24:37.@75 x 10800 changes in
60 seconds. Saving...

1:M 17 Apr 2026 11:24:37.102 * Background savin

d by pid 21
21:C 17 Apr 2026 11:24:37.110 * DB saved on dis

21:C 17 Apr 2026 11:24:37.110 * Fork CoW for RD
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Workflow

@frail fElineariiE—bug,
FEINERT A ) A~ =list skills

B 1&0E

e frail MBA | (RIOB—PRZBIskiIWEE, BREfreil

O& RX%: [BR]@frail ElinearFiE—"1"bug, FHEIHERTEMAN /" AL Klist skills
EHEIARSHELIE bug: **AT-1225** — [Bug] FEMIEREBN"/"F 2 lis

fRE: “ConversationStarter’ (FrZXIiERNES) {FHAMILAY "textarea’,
YR ERY " ConversationChatlnput’ 772 #§ /" & skills,

Issue: https://linear.app/asktable/issue/AT-1225

K PBUNE 215

Feed
python-fastapi v All Envs v 14D ~ Q.  is unresolved x
Issue Last Seen Al

® Q2APlinvoke error: Parser Error: syntax error at or near ":"
/v1/g2api/{q2api_id}/invoke 2hrago

() PYTHON-FASTAPI-S8 atserver =AT#1222

® UnprocessableEntityError
Error code: 422 - {'message": 'Timed out while updating the.. 2hr.ago 2n

(A PYTHON-FASTAPI-Y = Unhandled ' /v1/q2api/ AT#664

® BadReauestError

/I

SentryBH K&

AT-1226 JSONDecodeError: Exp... %5 - G & (x O

Triage  --- @ Project ¢ ©® ¥F ™ v

® Bug

JSONDecodeError: Expecting value:
line 1 column 19 (char 18)

@ @

+ Add sub-issues

~ SLlinear

\//

AskTable

conductor + skills

/debug

/ceo-review +
/eng-review

/codex + /ga +
agent browser

A>T

i 21 4 1

/release
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Agent 1EZR, HE=EER TR _ L/ J L lo - RREFR

2. Sandbox EFl{t I & 5. \&# Agent EEMZ Agent thE
IRE e IR RS & @ EE5%. REAT. SRLENG

FastGPT, I EZBHIT/VHE | - TS

.//

3. Skill (% IR g @]@ € 6. MBRREHERLZ FESER

R EE™), BIHREDARY & Agent = S5kl R%. TIHERERS, 15
CYApULS - g Agent



Hermes Agent
. Agentic
Human-in-the-Loop *Workflows

~ Computer
Use Agent

Openclaw

Multi-Agent Systems + + _~World Model



FastGPT Agent, I8 A#BeeiiE B RIS EEBITF

H1F 5 FHY Agent, AILAPEN Al, ik Al E1EIR#EFHARSS T AP BYE R

¢ 17 B{KIS FastGPT Agent
o IIANFAEREMRLX, 2 Agent &S

L ] E:.= I:I::: L B | I-'
E‘.*.*:‘E I

0 S T

!I':="I::::= ".l '-:
- -l-t H -l-t : h:i—t Hl=l § l- Ll&IFIFlI .r-.:.: l.'l-=H=-l
::: £9.°13 3 %3, % o o olaas® ols R R LA My L R g
Bt hiss O Ny T .l 3 " o30,2°
b LR oo c * 3 ey —— e
35, Telt S diseed® * TR o 0., 1o
-H. I.i-*.‘ .-l- ] 'l-. . ::.r i ir'h..:i= : ::i.::E-Li
. e s e
X dare § e Wl * " .:*' eo 00ttt o

il ') . . . B e
o P T 30000 123, %32 25,3 ::;iH“"
: :t ht“‘lr:; :.‘. !l : ‘: : '-Elii‘:IEl



	Slide 1
	Slide 2
	Slide 3: 数据，尤其是私有化数据，是 AI 时代企业的护城河
	Slide 4
	Slide 5
	Slide 6
	Slide 7
	Slide 8
	Slide 9
	Slide 10
	Slide 11
	Slide 12
	Slide 13
	Slide 14
	Slide 15
	Slide 16
	Slide 17
	Slide 18
	Slide 19
	Slide 20
	Slide 21
	Slide 22
	Slide 23
	Slide 24
	Slide 25
	Slide 26
	Slide 27
	Slide 28
	Slide 29
	Slide 30
	Slide 31
	Slide 32
	Slide 33
	Slide 34
	Slide 35
	Slide 36: 8个月做到 1 亿 ARR  AI Agent 时代的数据底座怎么建？
	Slide 37: TiDB 全球化脚步
	Slide 38
	Slide 39
	Slide 40
	Slide 41
	Slide 42
	Slide 43
	Slide 44
	Slide 45
	Slide 46
	Slide 47
	Slide 48
	Slide 49
	Slide 50
	Slide 51
	Slide 52
	Slide 53
	Slide 54
	Slide 55
	Slide 56
	Slide 57
	Slide 58
	Slide 59: 数据AI应用实战全记录
	Slide 60
	Slide 61
	Slide 62
	Slide 63: RECAP
	Slide 64: RECAP
	Slide 65: RECAP
	Slide 66: RECAP
	Slide 67: RECAP
	Slide 68: RECAP
	Slide 69: RECAP
	Slide 70: 一个事实
	Slide 71: 一个事实
	Slide 72: 一个事实
	Slide 73: 一个事实
	Slide 74: OpenClaw热度已过，说明了
	Slide 75: 推动生态发生了什么变化
	Slide 76
	Slide 77: 从画布再到对话
	Slide 78: 仪表盘
	Slide 79: AskTable-Cli
	Slide 80: Data Agent
	Slide 81: Data Agent
	Slide 82: Data Agent
	Slide 83
	Slide 84: Monorepo
	Slide 85: Workflow
	Slide 86: DogFooding
	Slide 87: 我是否真的需要DataAgent
	Slide 88: 我是否真的需要DataAgent
	Slide 89
	Slide 90
	Slide 91
	Slide 92
	Slide 93
	Slide 94
	Slide 95
	Slide 96
	Slide 97
	Slide 98
	Slide 99
	Slide 100
	Slide 101
	Slide 102
	Slide 103

